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ABSTRACT 

This study examined the effects of hosts’ quality attributes on the reservation 

performance of their listings. It also determined whether the number of listings a host manages 

impacts the quality of the experience, which in turn affects reservations. We used the 

InsideAirbnb database to collect publicly available information about hosts and listings on 

Airbnb.com in Hong Kong in 2018. Our sample included 2,284 hosts in Hong Kong. We used a 

regression model to examine the effects of quality and quantity attributes on the reservation 

performance of these Airbnb listings. We found that the hosts’ quality attributes, excluding the 

membership and local host attributes, positively influenced the number of reservations a host 

received. The results have implications for business development on sharing economy platforms 

and for hosts who wish to improve their trade. 
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INTRODUCTION 

The boom in sharing economy platforms has enabled users to share and make use of 

underutilized goods (Ye et al., 2017). Levendis & Dicle (2016) showed that Airbnb, as an 

outstanding business in the sharing economy, has a significant impact on local economic 

development. Airbnb acts as an intermediary, facilitating the booking of shared accommodation; 

hosts post information about vacant spaces on the Airbnb website, where customers can choose 

their preferred accommodation. Such collaborative consumption platforms require a high level of 

trust between users. Thus, the information about the hosts and rental units displayed on the 

platforms are critical inputs into travelers’ decisions (Ert et al., 2016). 

Several streams of research have examined sharing economy platforms. Edelman & Luca 

(2014) found that when personal profiles are provided, non-black hosts charge more than black 

hosts for a comparable rental, indicating potential discrimination in the online marketplace. 

Similarly, Kakar et al. (2016) showed that hosts from Spain and Asia, on average, have lower 

listing prices than their white counterparts. Hancock et al. (2017) examined the perceived 

trustworthiness of profiles, and found that more extended self-descriptions are perceived as more 

reliable and more self-disclosure by the renter increases perceived trustworthiness. Furthermore, 

Ert et al. (2016) found that Airbnb hosts’ photos had a substantial effect on customers’ decisions. 

A more trustworthy host photo lead to a higher chance of the listing being chosen. Wu et al. 

(2016) demonstrated that most renters on Xiaozhu.com, a Chinese room-sharing platform, prefer 

female hosts. In other words, female owners are chosen more frequently than male counterparts 

when travelers or visitors are booking a private residence. Xie & Mao (2017) discovered that 
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increases in the number of listings a host manages on Airbnb negatively moderate the positive 

effects of being a super host, membership, and response rate on the number of reservations. 

Many scholars have examined the effects of hosts’ demographic characteristics. Few 

have explored the effects of their non-demographic attributes. Although Xie & Mao (2017) 

investigated the relationship between the quality and quantity attributes of Airbnb hosts and 

listing performance, they only examined these relationships in a Western context. To bridge this 

gap, this study analyzed the same relationships in the context of Hong Kong. Drawing on 

previous studies, we examined the effects of five quality attributes of the host visible to guests on 

Airbnb: being a local host, being a super host, service response rate, length of membership on 

Airbnb, and identity verification (Xie & Mao, 2017). Based on a literature review, we 

hypothesized that quality attributes have a positive relationship with listing performance, 

whereas quantity attributes have a negative relationship with listing performance. 

This study examined the effects of hosts’ quality attributes on the reservation 

performance of their listings. It also determined whether the number of listings a host manages 

impacts the quality of the experience, which in turn affects reservations. We hypothesized that 

although hosts who manage more than one listing may be more skilled and sophisticated in 

dealing with listings and offer a better service to their renters, managing multiple listings may 

negatively affect hosts’ attention to customers due to the reduction of host capacity per listing, so 

that the quality of the service will decrease. Thus, we hypothesize a dual effect of the host 

quality and quantity attributes on transactions on the Airbnb platform. Another aim of this study 

was to examine whether these effects are context specific (Hallikainen & Laukkanen, 2018). 

We collected sample from Airbnb.com listings in Hong Kong. A linear regression model 

was used to estimate the relationships between hosts’ quality attributes, number of listings, and 

reservation performance and how these variables affected listing performance. The results 

indicated that being a local host had no significant relation to listing performance, super hosts 

were likely to receive more housing reservations than regular hosts, there was a positive 

relationship between host response rate and the number of reservations, host membership was 

not associated with listing performance, and verified hosts generally had better listing 

performance than hosts who were not verified. We also found that an increasing number of host 

listings negatively moderated the effect of hosts’ quality attributes on listing performing. 

As far as we know, this study is the first to investigate the effects of hosts’ quality and 

quantity attributes on reservations on Airbnb listing in Hong Kong. To some extent, this study 

extends established theories to the sharing economy. Applying online trust in a peer-to-peer 

model, we successfully demonstrated the significance of cue-based trust to customers. This study 

confirms the role of online trust in the context of Airbnb and demonstrates that online host 

information is a signal that establishes trust. The results have implications for business 

development on sharing economy platforms and for hosts who wish to improve their trade.  

The rest of the paper is organized as follows. The theoretical framework and hypotheses 

development are presented in Section 2. Section 3 describes the research methodology. Section 4 

presents the results which are discussed in Section 5. Section 6 presents our conclusions and 

Section 7 describes the implications of our research.  
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THEORETICAL FRAMEWORK AND HYPOTHESES DEVELOPMENT 

Background 

Numerous studies have examined the sharing economy, including studies of the concept 

of the sharing economy (Frenken & Schor, 2017) and its motivations (Böcker & Meelen, 2017). 

Scholars have shown that the nature of digital platforms promotes online exchange (Benkler, 

2004). However, as consumers prefer to buy from providers that are perceived as reliable and of 

high quality (Gefen, 2002; Kim et al., 2008), recent studies have examined whether demographic 

factors influence consumers’ perception of trust and their purchase decisions. Ma et al. (2017) 

examined the perceived trustworthiness of profiles and found that longer self-descriptions are 

considered to be more reliable, and more frequent self-disclosure topics are associated with 

increased perceived trustworthiness. Ert et al. (2016) found that Airbnb hosts’ photos have a 

substantial effect on customers’ decisions. Wu et al. (2016) demonstrated that female hosts are 

preferred by most renters. 

Although these studies have successfully explained how the characteristics of host 

profiles affect the decisions of potential consumers, their scope has been limited. Few studies 

have explored hosts’ non-demographic attributes. In addition, although Xie & Mao (2017) 

investigated the relationship between hosts’ attributes and Airbnb bookings, they only 

investigated the relationship in a Western context. No one has investigated this relationship in 

Asia, where Airbnb is widely used. To bridge this gap, this study analyzed the relationship 

between number of listings, the social attributes of Airbnb hosts, and future reservation in the 

context of Hong Kong.  

Hong Kong is as one of the hottest and most attractive touring places. The hotel price in 

Hong Kong, compared with other places, is extremely high. Such expensive accommodation fee 

drives many tourists to use sharing platform like Airbnb. According to Airbnb, in 2017, about 

27.88 million passengers came to Hong Kong for the night, of which 460,000 stayed at the 

Airbnb Hotel. Airbnb community contributed HK$2.6 billion to Hong Kong's economy in 2017 

and believed that sharing accommodation could promote sustainable tourism in Hong Kong. 

However, Hong Kong government strengthening the supervision over short-term leases will lead 

Airbnb facing a violent shock. Under such circumstance, hosts on Airbnb is going to be sifted by 

consumers and policy makers with more restrict evaluation. 

Trust 

There are many obstacles to success on Internet-based selling platforms; online trust is 

one of them (Chen & Barnes, 2007). Online trust plays an important role in e-commerce, and is 

an influential relationship between sellers and buyers. Traditional e-commerce is divided into e-

business (e.g., on-line hotel bookings) and the sharing economy (e.g., Airbnb). It is essential to 

examine what role trust has in the evolving sharing economy platforms, such as Airbnb (Ponte et 

al., 2015). In general, e-business involves transactions between a company and a buyer (B2C 

model), whereas the sharing economy mainly involves two people (P2P model), who have 

diverse attributes and may have a low reputation. Conducting online business with hotels is very 

reliable, because the risks are reduced through standardized rules, security regulations, and 

business reputation (Blank, 2011). Different trust standards and perceptions will affect visitors’ 

choice of a traditional hotel or an Airbnb listing. In the sharing economy, online trust has two 

constructive objects, the provider of the online trading platform, such as Airbnb, and another that 
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is like the mainframe, but in traditional e-business, there is only one construct, that is, the 

company website. Airbnb does not directly promote the renter’s trust in the hosts listed on the 

platform; however, it may increase the traveler’s comfort. 

Online trust can usually be conceptualized as experience or cue-based trust (Wang, 2001). 

Experience-based trust is formed when the buyer accumulates communications and experience 

with the seller, which is a type of learning behavior (Shim et al., 2001). In contrast, instant-based 

trust is based on the buyer’s initial encounter with the seller’s cues or signals (Wang et al., 2004). 

Kim et al. (2008) found that the premise of trust associated with travel websites is related to 

consumer perceptions of attributes such as security, privacy protection, and the quality of the 

information provided on the website. Cue-based trust is more applicable to the Airbnb setting, as 

even travelers who have used Airbnb before are unlikely to keep in touch with the same host in 

the same place. Therefore, signals are an important method for sellers to establish online trust 

with consumers (Möhlmann, 2016). 

Signaling  

Akerlof (1978) defined signaling theory as inducing suppliers to precisely describe their 

qualitative characteristics and facts to gain trust from buyers. Signaling theory provides a 

framework for understanding how two parties address the problem of information asymmetry in 

contractual exchanges (Auronen, 2003). There is information asymmetry between Airbnb’s host 

and consumers. Consumers can only get limited information about the host through host profiles 

and consumer comments, and the host attempt to communicate trustworthiness to the consumer. 

Signals effectively influence consumer perception and consumer behavior (Boulding & Kirmani, 

1993). 

Consumers’ form an impression of hosts and residences based on the materials or profiles 

posted on the Airbnb website. These are signals that help consumers’ to make a decision (Ert et 

al., 2016). Therefore, signal theory provides a theoretical framework for connecting hosts’ traits 

and consumers’ renting decisions. Previous studies of signaling have shown that consumer 

interpretation of market signals and related decision-making processes are context-specific (Lee 

& Turban, 2001). Quality signals can take many different forms in the context of seller 

information. 

Lee et al. (2015) identified five attributes of host quality that are listed on Airbnb: local 

host status; super host status; the rate of service responsiveness; length of membership; and 

whether the host’s identity is verified. A local host is a host who lives in the same city as his or 

her housing listing. Lasker & Weiss (2003) argued that local hosts have more and better 

knowledge of the locations and more entrepreneurial abilities, which means they are more likely 

solve problems easily. At the same time, local host is able to offer facilities regarding 

transportation, local customs and travel guide, adding convenience to customer’s trip. Based on 

this argument, we made the following hypothesis.  

H1a: Local hosts will receive more reservations than non-local hosts. 

A super host is a host who has been highly recommended by his or her previous 

consumers. The super host is identified based on their excellent performance, including high-

quality service, excellent accommodation environment, friendliness, and more (Liang et al., 

2017). Based on this definition, we made the following hypothesis.  
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H1b: Super hosts will receive more reservations than regular hosts. 

The response rate is the number of customers a host responds to divided by the total 

number of customers. It is usually expressed in the form of a percentage. A high response rate 

implies a friendlier and more able host (Asree et al., 2010). Prospective customers are motivated 

to make a booking once they see high response rates. Thus, we made the following hypothesis. 

H1c: Higher response rates will receive more reservations than the lower response rates. 

The length of membership is quantified as the number of years a host has been a member 

of the Airbnb platform. According to learning theory, long-term hosts should have more 

knowledge and more efficient managing procedures (Zervas et al., 2017), which promote 

customer service, grow customer satisfaction, and increase orders. In addition, a long 

membership will increase potential customers’ perceptions of the host as trustworthy and 

legitimate. Thus, we hypothesized the following.  

 H1d: Hosts with longer memberships receive more reservations. 

“Identification verification” refers to whether Airbnb has verified whether the contact 

information, social media information, and ID number of the host are authentic. This 

identification verification helps users to distinguish between real and fake hosts (McKnight & 

Chervany, 2001). Verified host’s listing is perceived safer. Therefore, we made the following 

hypothesis.  

H1e: Verified hosts will receive more reservations than non-verified hosts. 

Trade-off  

The resource scarcity theory (Mccannon, 2008) suggests that quality and quantity are 

often in conflict with each other, because as the number of tasks increases, people or 

organizations are more likely to meet sourcing constraints. When resources are constrained, a 

certain quality cannot be assured (Ellway, 2014). Some scholars have stressed that an over-

emphasis on increasing quantities will have a negative effect on quality (McCannon, 2008). 

Applying this theory to Airbnb suggests that when a host has more than one listing, the expected 

and perceived quality of each listing will be lower. Multiple listings will definitely increase the 

total number of reservations for the host. However, the decreasing quality of each listing may 

have a negative effect on future reservations. Therefore, we made the following hypothesis.  

H2: An increasing number of host listings will have a negative effect on host quality attributes.  

Conceptual Map 

 Independent Variable and Dependent Variable is shown in Figure 1. 
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FIGURE 1 

INDEPENDENT VARIABLE AND DEPENDENT VARIABLE 

RESEARCH METHODOLOGY 

Data and Measure 

We used a deductive cross-sectional explanatory research design to investigate the 

relationships between the quality and quantity attributes of Airbnb hosts and the number of 

reservations. We applied online trust theory (Shankar et al., 2002)
1
, signaling theory (Connelly et 

al., 2011)
2
, and resource scarcity theory (Hussain & Windsperger, 2010)

3
 to hypothesize and 

examine the correlations between the different variables. We used the Inside Airbnb database to 

collect publicly available information about hosts and listings on Airbnb.com in Hong Kong in 

2018. Our sample included 2,284 hosts in Hong Kong. We used a regression model to examine 

the effects of quality and quantity attributes on the reservation performance of these Airbnb 

listings. 

Model Specification 

For each host, this study regressed the reservation performance in the next month of the 

Airbnb hosts on the host’s quality attributes and the number of listings, which is the quantity 

attribute of the host, as well as their interactions. The model was as follows.  

0  1 2 3 4
1        R e se rv a tio n M o n th L is tN u m L o c a lH o s t S u p e rH o s t    


   

 

5 6 7 8
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9 1 0
´  ´  ´  L is tN u m S u p e rH o s t L is tN u m R e sp o n se R a te L is tN u m M e m b e rsh ip   

 

1 1 1 2 1 3 1 4
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 Where,  

  Reservation1Month: Average number of bookings in the next month 

  Local Host: If a host is a Hong Kong resident value is 1, and otherwise 0 

  Super Host: If a host is a super host, the value is 1, and otherwise 0 

  Response Rate: Percentage of inquiries that a host has responded to 

  Membership: Number of years a host has been a member of Airbnb 

  Verified Host: If a host’s identification is verified, value is 1, and otherwise 0 

  List Num: Number of listings a host has Average renter ratings 

  AveReview Num: Average number of renter reviews 

  AvePrice: Average price per night  

  AveBeds: Average number of beds 

  AveAmenities: Average number of amenities 

Descriptive Analysis of Hosts  

The descriptive statistics are presented in Table 1. Most of the hosts (67.21%) had one 

listing on the Airbnb platform, and about 32.69% managed more than one listing. Specifically, 

nearly 13.1% of the hosts had two listings, 9.63% had 3-5 listings, 5.52% had 6-9 listings, and 

4.51% had more than 10 listings.  

Table 1 

DESCRIPTIVE STATISTICS OF AIRBNB LISTINGS 

Host type Number of listings Frequency Percentage 

Single-listing host 1 1535 67.21% 

Multi-listing host 2 300 13.13% 

 3–5 220 9.63% 

 6–9 126 5.52% 

 More than 10 103 4.51% 

Total  2284 100% 

Table 2 presents the comparison of the characteristics of hosts with one listing with the 

characteristics of hosts with multiple listings on Airbnb. Hosts with multiple listings received 

about 3% more reviews than those with a single listing. Nevertheless, although multi-listing 

hosts charged lower prices and offered more beds and amenities than single-listing hosts, 

consumers did not necessarily rate them more highly.  

Table 2 

LISTING CHARACTERISTICS BY TYPE OF HOST 

 Multi-listing Hosts  Single-listing Hosts 

 Mean SF Mean SD 

AveReviewNum 23.72 44.08 20.45 38.95 

AveRating 91.52 8.54 94.65 8.72 

AvePrice 719.27 610.04 820.00 675.27 

AveBeds 2.01 1.57 1.66 1.08 

AveAmenities 15.53 4.77 14.81 5.32 
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Most of the hosts (67.21%) had a price under HK$1200 on the Airbnb platform, 

presented in Table 3. Both single-listing host and multi-listing host have the lowest proportion in 

the price range from HK$1200 to HK$10004. 

 

 

 

 

 

 

RESULTS 

Table 4 

ESTIMATIONS OF EFFECTS OF QUALITY AND QUANTITY ATTRIBUTES 

ON RESERVATIONS 

 df SS MS F Significant F 

Regression 46 11080.127 692.507 13.735 0.000 

Residual 2138 48299.599 50.417   

Total 2284 59379.726    

 

 

 

 

 

 

 

 

 

 

 

Note: *p<0.1; **p<0.01; ***p<0.001 

 

 

 

Table 3 

PRICE PROFILE BY TYPE OF HOST 

Price Range HK$102-600 HK$600-1200 HK$1200-10004 

Single-listing host 39.78% 47.62% 12.8% 

Multi-listing host 43.25% 30.25% 25.6% 

Table 5 

AVERAGE BED AND AVERAGE AMENITIES ATTRIBUTES NO RELATIONSHIP 

WITH THE NUMBER OF RESERVATIONS 

 Coefficients Standard Error t-stat P-value 

Intercept 13.135 4.329 3.034 0.002 

Membership 0.079 0.218 0.365 0.716 

LocalHost 0.115 0.911 -0.126 0.900 

ResponseRate 7.221 2.904 2.486 0.013*** 

SuperHost 4.352 0.905 4.808 0.000*** 

VerifiedHost 3.549 0.941 3.772 0.000*** 

ListNum 0.343 0.625 -3.746 0.000*** 

ListNum x Membership 0.327 0.146 2.240 0.025** 

ListNum x LocalHost -0.581 2.647 -0.219 0.026** 

ListNum x ReponseRate -0.813 2.741 -0.297 0.047** 

ListNum x SuperHost -0.901 0.623 1.446 0.049** 

ListNum x VerifiedHost -0.859 0.632 -1.359 0.174 

AveBeds 0.366 0.216 1.691 0.091* 

AveAmenities -0.006 0.021 -0.266 0.791 

AvePrice -0.001 0.000 -2.747 0.006*** 

AveReviewNum 0.006 0.005 -1.211 0.026** 

AveRating 0.029 0.033 0.890 0.034** 
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As shown in Table 4, most of the hosts’ attributes had a significant influence on 

reservation performance. Specifically, the number of reservations in the subsequent month were 

strongly influenced by host response rate, super host status, and verified identification. On 

average, more than seven reservations were generated by a 1% increase in the host’s response 

rate (7.221, p=0.013). When other variables were constant, being a super host generated nearly 

four extra reservations (4.352, p<0.000). Moreover, the number of reservations increased by 

more than three for verified hosts (3.549, p<0.000). The length of time a host had been a member 

of Airbnb did not influence the listing performance (0.079, p=0.716). There was also no 

difference in the number of reservations for local and non-local hosts (0.525, p=0.407). Overall, 

the influence of host attributes on the number of reservations was significant. 

The effects of the interaction of quantity and quality attributes on the reservation 

performance are shown in Table 4. The number of listings managed by a host had two effects on 

the number of reservations. There was a positive relationship between the number of listings and 

number of reservations for a listing (0.343, p<0.000). In other words, when a host owns more 

listings, they will receive more reservations on Airbnb. However, the interaction of the number 

of listings and quality attributes revealed a negative relationship with number of reservations for 

each listing. Overall, a local host who manages multiple listings has a weaker reservation 

performance than one who has only one listing (0.581, p=0.026). Similarly, the effects of a 

higher response rate on the number of reservations changed when the number of listings 

managed by the host increased (0.813, p=0.047). This pattern was also found for super hosts 

(0.901, p=0.049), which means that the positive influence of being a super host on the number of 

reservations was diminished when a host managed a number of listings. Interestingly, the 

interaction of identity verification and number of listing did affect future reservations (0.859, 

p=0.174), although verification itself had a significantly positive relationship with reservations. 

The interaction of length of Airbnb membership and multiple listings had a significantly positive 

correlation with listing performance (0.327, p=0.025). 

Furthermore, the effects of control variables on the performance were examined and the 

results are given in Table 4. As shown in the last five rows, the number of reservations increased 

with higher average numbers of review (0.06, p=0.026). The average rating also had a positive 

relationship with number of reservations (0.029, p=0.034), as did the average price (0.001, 

p=0.6). Average bed and average amenities attributes, however, had no relationship with the 

number of reservations, as shown in Table 5 (0.366, p=0.091 and 0.006, p=0.791). 

DISCUSSION 

We found that many of the social attributes of Airbnb hosts had a significantly positive 

relationship with the number of reservations on their listings. The exceptions were length of 

membership and being a local host. These results generally support the signaling and online trust 

theories. Specifically, a high response rate leads to more reservations, indicating that Hypothesis 

1c is supported. Super hosts receive more reservations, supporting Hypothesis 1b. Identity 

verification also has a significant positive effect on the number of reservations, supporting 

Hypothesis 1e. However, length of membership and being a local host do not have significant 

relationships with the number of reservations, indicating that Hypotheses 1a and 1d are not 

supported.  

Our results are different from those reported by Xie & Mao (2017), who used a sample 

from Austin, Texas. They found that identity verification did not influence reservation 

performance, whereas a significant relationship was revealed in this study. Previous studies have 
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suggested that understanding a host’s online identity is an essential part of renting decisions on 

Airbnb (Lee et al., 2015). The guest chooses a host based on perceived trustworthiness, which is 

determined by rental unit and host information. Identity verification is a pervasive method of 

facilitating online trust (Green, 2007). Previous studies based on signaling theory have pointed 

out that customers perceive and interpret signals differently in different contexts. Thus, it is 

unsurprising that verified hosts receive more reservations than non-verified hosts. 

The resource scarcity theory suggests that an excessive focus on quantity creates a higher 

risk of resource shortages. Applying this to our results, we see that hosts with more listings may 

have more restricted resources; specifically, they must distribute their attention, time, and effort 

across additional listings. In short, the hosts have to balance a trade-off between quantity and 

quality when they operate multiple listings. One unexpected result contradicts Hypothesis 2, an 

experienced host, as measured by length of membership, is more likely to have a positive 

relationship between number of listings and reservations. Although this outcome contradicts the 

resource scarcity theory (Mccannon, 2008), it is consistent with previous studies (Xie & Mao, 

2017), suggesting that having multiple listings increases the number of bookings through more 

self-disclosure. 

The reliability and validity of this research are strong. All of the data were drawn directly 

from the Airbnb.com database. Notably, the non-demographic characteristics of hosts and the 

renters’ reviews were provided voluntarily without any time limits. Thus, participants’ errors and 

biases are not a consideration. Furthermore, as the data were from an open database, they were 

not influenced by a lack of objectivity or bias.  

CONCLUSIONS 

This study of how Airbnb hosts’ quality and quantity traits influence bookings in Hong 

Kong found that most of a host’s quality attributes have a positive effect on prospective 

customers. However, two quality attributes, length of membership and whether a host is local, 

had no positive relationship with future reservations. Our investigation of how quantity attributes 

moderate the influence of quality attributes on reservation shows that holding multiple listings 

has two distinct effects on number of reservations. When a host manages multiple listings on 

Airbnb, the overall number of reservations increases. However, the interaction of number of 

listings and host quality attributes, including being a super host, being a local host, and having a 

higher response rate, produce a negative relationship with reservation performance. However, the 

interaction of identity verification and number of listings does not have any impact on 

reservations, and identification itself has a significantly positive relationship with reservations. 

Interestingly, length of membership on Airbnb, paired with an increasing number of listings, 

shows a significant positive correlation with listing performance. 

This study has several limitations. First, the data on Inside Airbnb database is updated 

randomly and the information provided is a snapshot of listing reservation for at a given date 

rather than a consecutive documentary. Because other snapshots of previous dates are able to be 

obtained only by request, this research is not able to conduct a longitudinal analysis and provide 

a seasonal analysis while the time factor is extremely important in tourism and hospitality. 

Second, the data were directly gathered from the Inside Airbnb database, it is difficult to 

determine whether the numbers of listings for each host have been manipulated. In other words, 

if some hosts register several times, the listed attributes will not reveal the true non-demographic 

characteristics of each host. Thus, the estimation results may not be accurate. In addition, the 

booking schedule on the Airbnb platform does not make a distinction between a listing that is 



Academy of Marketing Studies Journal     Volume 23, Issue 2, 2019 

 11           1528-2678-23-2-211 

 

booked and a listing that is unavailable due to a personal decision of the hosts; instead, they are 

all presented as unavailable. We have assumed that an unavailable room is booked, but this 

means the availability metric is understated, which may lead to an overestimation of the 

influence of hosts’ attributes. Moreover, due to the limited time and limited source accessibility, 

this study only uses readily available data, which means that some host quantity attributes, such 

as host response time and host acceptance, that may also affect reservation are not considered in 

this analysis. Further study is needed to address these limitations. 

IMPLICATIONS 

This study is the first to examine the relationships between quality attributes, number of 

listings, and reservations on the Airbnb platform in Hong Kong. A number of studies have 

addressed hosts’ demographic characteristics, but few have examined hosts’ non-demographic 

attributes. In addition, although Xie & Mao (2017) investigated the relationship between Airbnb 

hosts’ quality and quantity attributes and the number of bookings, they only investigated the 

relationship in a Western context. However, Airbnb is also widely used in Asia, especially for 

places with high hotel prices. 

To some extent, this study extends established theories to the sharing economy. Applying 

online trust in a peer-to-peer model, we successfully demonstrated the significance of cue-based 

trust to customers. Being a super host and being highly responsive signal the host’s 

trustworthiness, which influences consumers’ decisions. This study confirms the role of online 

trust in the context of Airbnb and demonstrates that online host information is a signal that 

establishes trust. Therefore, hosts and platform managers should use the signaling effect to 

develop stable online trust with their prospective customers.  

The results have implications for business development on sharing economy platforms 

and for hosts. Airbnb may need to find ways to increase consumers’ trust in their hosts. Airbnb 

hosts should post most host attributes to signal their trustworthiness, which will attract more 

reservations. Response rates can also be enhanced by paying more attention to message 

notifications, so that hosts respond promptly to their guests. Furthermore, Airbnb hosts need to 

put effort into gaining and maintaining a super host status, which is an online indicator of elite 

identity, reliability, and quality. Customers have recognized the significance of the program as an 

effective method for distinguishing the quality of hosts. In addition, identity verification is a 

good and effective signal. Previous studies have shown that customers prefer authentication as a 

means to evaluate the host. 

ENDNOTES 

1. Online trust is important in both business-to-business (B2B) and business-to-consumer (B2C) e-business. 

Consumers, feeling the pressure of electronic downturn and terrorism, are more likely to buy from 

organizations that ensures the most trusted Web sites. Similarly, business do business with organizations 

with the most trusted electronic networks.  

2. Signaling theory is used to describe the behavior when two parties (individuals or organizations) have 

access to different information. Usually, one party (the sender) must choose whether and how to 

communicate (or signal) that information, and the other party (the receiver), must choose how to interpret 

the signal. 

3. Resource scarcity is the lack of availability of supplies required to maintain life, or a certain quality of life. 

Scarcity is a perpetual problem for economic theory, which often assumes that humans have unlimited 

wants but must find ways to fulfill these wants using scarce resources. 
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